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<H 1> UG AZA22 HF AL
A2t MEst g Clole & 8 ME3st 7|2 MI23H Zap e 28 U 2o E3
L A3 S 08 WY $E 2ot el glo,
_ sl SI|tUS
-G|O|E]: Bt= oololale oo sl ain] =
ole a2t | my ag | >S4 $E I8 2202 £3 8 Ho| 3
i appmeng| SIS HSEA TS| esp 22
234 2| (2020) D‘:’M oA - L4k Z0tot= o gl 322 g s 12 22 00| AE, oA
=AEPA L aooestart | e gy | T 2o TNES SRS TINES RS
Rl Z5H4Y 1590 sItEs . -
4. MEE 85 & 4= W ES(EME 24
S), &Y ot o2 =3
1. 245 =& H(loyalty viewers): X[ A|Z 1}
245t 2ME
-4|O|E|: QEE IiIM o= so
c;|||%| —'T'i OHI—E% Lgl 2.7 24 ].I_H(spuri(_)us loyalty viewers): A}
20514 9| (2022) HIAE 00|\ 5'_5_% —,‘?‘_—‘/_:; < 55% IHE 55%%_ HR0H A 2 HeE IE. i
URH A IS Chzo| hz ZME | 3. A 245 H(latent loyalty viewers): S22
SH- A== I QI Z|Ot 0}l 220l 2tojL= Qe
4. M= 9= T(no loyalty viewers): ZF 2] A%,
24e us
1. 28|24 IEH(consumption-oriented fandom):
220 WH CieF 70, 220l &5 A 2.
. - 4|O|Eq: =2L{2| K-Pop 2. 20| E ™E(light fandom): 22}Q! & @I 20l
Ve | med o 2702 22191 | 50| 402 o],
2ro4A] 9| (2024) M‘;_‘?eh; &1 . 2301 9 Qmatol | 3. 20 M (core fandom): LI}l ZAE LU
s | SEAUEERAL | #S | eduEssSoMiiyeud
FGI 4. 2+ S4 TS (participation-oriented fandom):
D20l E=0AM O 2UstH, RFRE AY
B =3
W 59 0ol 4T ABYL FEeknA @tk 9H, 9uMA eld AA A4 Aol Y= 14
& st Bl AE chersaln ol g
Agapma ozt Adz A4 WS SR
m o4 YEE 2Ag B gor dgoRs dT9 e
4 ol uAt st o), A7 Aol e 1
1. Xtz +=3 Aol qf A& & A Fui7kAe] 77k dg
T, & P, 9 olg WE U AT 5
B oATL WY ZAE Ausd oA A 95E FH0R A% ARstE AWt 54,
$42 3408, @ 483 24 dolge Bg WY BUAE olg Fus mh Awsp 245
stel 2 AEetE APetadch. drol AgH 7] o) o Aol ol WS TR
tlolE e uHAR wHEd ZAF GAIQ! viazEdE
gRlo =Ry AFEe U AFA] wid dlo] 2. AR R: AE ME3t 24
B[S 7|¥to 2 otm, 20199 195 H 20241 59
A A @ ol W A4 U] mEHeh B ATolNE WY SABolH el 2¥7 B
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£ 95l= 9 F-8otth(e.g., Spurk et al, 2020;
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282 5 ok 29u 7 Ee] Aol Hol
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At LCAE W59 Reg 7INeR Hus
wole H $He FE U, LPAE 53 ¥
= 285t A ZEatds 245, 4]
e, ot Ak, B 590 22 AFH o

LCA®}t LPA+ ©hefet Apslafeh 9l 35t
ATl A BEEH AT ZofollA E 28 E]
ATHWoo et al,, 2018). HA|, LCAE &

At o] et o] WA Wehe BRoh:
AP Wyo YAt o Sol, olfA

(2020)9] FAFelM= A ols A A2l
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F4H oS Sof, @A 920209 AFIA
 A4Y WY $EL LPAR BAsiel, W BE
292 2R oldd fFol Y Hze} of
27 AuHEAE ATskdt. a7 Fi, Aa
dse] MY BF fF0] oY Bl IFL o
Acke Apdo] we .

2 Aol aE WY SRE olgAe Y AHg
o) BB A%y WA LAT Baie] 9l
7ol LPAZ A gsteic. S5, W &2 o)
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Fxio)= 3 mifi(Y16,) (1)

A71AL 7RQl i(=1,2,-N)Q] Z1oj2R, 0=
nde] sietng FHAE Eote, g sfelo]

Ig LPARHoO] &

AAHAS B4 otz FAolA AIC(Akaike
information criteria), BIC(Bayesian information
criteria), SNEZ T (entropy) &2 AL X+E
Fgstel tre mRe HEstL HAo A
45 ZAA5Ahe.g., Peugh & Fan, 2013; Spurk
et al., 2020). olz|gt HAH-S Fol d+A= WE

EAE o] 8AE=Y 4H| PHE Hoh HgHA
TR, ZF A EA G (segment)®] A& Wt
Ree) =2e 4 Ut
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AIC®} BICS Z

T Z]4(fit information
A 48 25

U] rlr

o
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B e
E ol

& Grimm, 2009). <% 3>o]4] AAH
Yol AIC®} BIC #ol 7 &7 vehd
= A AREAZY F2 AdEsii
A2 J14F 7o ztolE Kt Elof
4 don, ﬁﬂ% %aﬂ% o]-& geiof

<H 2> M|2A|2He o 2mel
Group 1 Group 2 Group 3 Group 4 (Mearfl(;tils.D.)

Z7012 U ) 61.917 | 362.498 73.834 | 972.831 | 190.239 | 329.895

APPO|8 O S} 24 AppO| 2 ~2 7OH(Y) 104.939 71.443 | 152.727 38.465 | 113.758 | 144.574

(FL0 &) QHAN 0|2 A|ZHE/S]) 557 2.534 6.108 25.033 4.522 12.387

(L0} &) QHHAQH 0| 23514(3|/Y) 293 603 767 1.130 574 405

TOf R 1.736 7.396 2238 17.791 4.189 6.265

(O] A, O Az| &) QB AN 0| A|ZHE/S)) 1.301 3.199 6.802 17.703 4748 10.307

(70 A, ¥ AM=z| &) AN 0|2314F]/Y) 466 702 749 1.140 641 425




<E 3> BHAS 2 BYHEE U

174 Rt 294 et 374 Rt 474 Rt s74 Jct

AIC 37,692.905 37,396.525 37,346.782 37,248.773 37,250.481

BIC 37,729.583 37,456.127 37,429.308 37,349.638 37,369.685

Maximum LL -18,838.453 -18,685.262 -18,655.391 -18,602.386 -18,599.240
o) S4S Bk 2 ARAE A2 BATS  wh 7o) AFAA] AIgke] AP 1 54E By
< 200 REsle] 9o Fad 54 et ok Eat, 7o) A%l ¢ o] § Xgho] Light AH§
2t AR o], QuA ol go] wrh Shikgt )
Zom BRd 4 gt 18 BF P e of
3.1 Light AF&Xl 2&(33.9%) 30k A pEolw, F o S92 AA Pt

12~1/3 AEE 2}A| sl

3.4 Heavy AH2XI & (6.0%)
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0] oF 173 ol ¢ HA] o]F A Fuj7tA] Heavy AFGAF &2 ¢ o8 W=eot & i
o 7|1zro] JdjA o= 71 Holglh ek A FHo] MY w2 AIMER, EHE WolA 9
Y o]g Agto] A, o Tk qf ARgFo]  BEFAol 7M wUHh ©] 12 Premium T
A F7¥ekA ge AFES Bk 2F 1ET At Aol F 24 FHE Bylo,
Z 7o S OE AIHERYG drFoz
3.2 Premium TOiX} 18 (23.1%) 2 vo& 7150 By, o A & A
A7tz o] 717ko] oF §F PR, Bt 13 %
Premium ozt 152 F o FHo] &1, o= uj¢ #e EAL HIY E9], I AF
Y AFEE BT T2 2HAEE FAEH A Y o8 314} o] § Agto] thE A|IHEHTE
°]52 Heavy AM8AF 1&3 @A 7MY 2 & @A9] 4o, fHa EAEE W¢ HFHo=
Tl FHE Bt BAEFE Aok f o]& Al E8ote 1AZTOoR AHod 4 ot

2 5 o) Ag7AA 9] Fgbe] HlwA For], 7
E

W) Aol F B qf ol WEs} BA e

A& Hth
Al2AIEE 17 5445 Heh 2AAS] olsfishr]
3.3 Casual AM8X} 118 (37.0%) Sl A ZHEZo|A ] AHe} 7P GAFRH
HAg Zel= 4 9 9 9 o] el gAY
Casual AMEAF 152 9 ARE Hxet & ) How HASIEL #HH 7|& SAE <E 4>,

=]
- o
w0l T Y AAER FAEY ol I <E 5>, <E 6>9 AAHo] Ut

o Tl RS Light AHgAF 183 fABH) ARAR e dAE ez 7o) @ 9 o]g
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<H 4> J|IOHEH C|R]

= Zel2of C3H AH]

Category Group 1 Group 2 Group 3 Group 4 Total
i Tof S~ @/2) 1.161 1.809 1.272 1.012 1.341
Digital Contents 21| -
T0f 2oH(H /%) 13.451 21.556 19.611 8.358 17.281
Ol B4 E)/) 703 1.257 959 629 920
Google Play Store -
TOf U /g 5.814 14.402 16.108 3.708 11.462
204 B14E)/Y) 025 117 .004 031 .039
One Store -
0 S /1) 214 .821 .034 158 282
0O Sla~(21/E) .081 .085 .087 126 .087
NETFLIX -
O (A /) 1.095 1.332 1.151 2.038 1.226
TOH B4 3)/) .025 .005 .002 014 011
WATCHA -
TOf U /g 280 .056 016 182 125
WAVVE 204 BI4E)/Y) 061 046 037 042 048
T S /) 3.550 1.833 .604 947 1.913
TVING 0O Sla~(2/E) .040 .039 027 .046 .036
0 S /) 399 .549 374 497 430
TOH B4 (3)/) .093 .063 .058 014 .069
YOUTUBE -
TOf U /g .689 .520 412 118 514
204 3143/ 096 103 .049 .049 078
MELON MUSIC -
T S /) 781 673 317 .176 .549
FLO 0 Sla~(2/E) 012 .007 010 .005 010
0 S /1) 069 .085 .089 031 078
TOH B4 (3)/E) .007 047 016 .040 021
GENIE MUSIC -
TOH U /g .033 389 .093 348 155
204 3143/ .006 .005 .004 .008 .005
BUGS MUSIC -
T S /) .047 034 021 .045 .034
el 2polE HZsH7] Yol Kruskal-Wallis H 7 = HolEr
4 ot B4 A, ook 2EW gl 23} 4H] B9 av2e] f o]g Fejs B4
AUFAe] Ful S5(x°(3)=28.121, p<001) X & A e B <, AHEHAWE 4, 282
% 7l F(x2(3)=28.881, p<00D)A ATE ot Qf o WMol 1F zF Aol7h AriA e
E 7t folgt Apol7t AFe] WA ol &4 2 Tk HE #HE deAe o2 AR
a7 2gEe fAd 2d2 4d) o] thE 18] vl Heavy AR 18] 7 £ O]
& AAFSEE], 54 IE(Heavy 9 Premium AH: 8BS 71SSIAThES 94 x2(3)-8.192, p=

A 2F)elA g0 B ZAz Fojrt FEA

042; o]& A7t x*(3)=6.660, p=.084). <NEHQ]
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<E 5> HAHEE B 0|
Category Group 1 Group 2 Group 3 Group 4 Total

DATING 0|8 314(3/8) 132 156 136 .077 136

0|2 AlZHE/Y) 846 1222 771 453 881

0|2 3l (3l/g) 1.161 .836 1.519 2.028 1.270

BEAUTY 0|2 AlZHE/E) 6.600 2.811 5.289 5.233 5.160

0|2 3I(3/8) 18.417 22.571 20.687 32.717 21.065

ENTERTAINMENT 0|& A|IZHE/E) 235.516 331.653 236.261 321.477 263.073

0|& 314(3/8) 18.150 20.051 21.934 26.042 20.458

MUSIC 0|& A|IZHE/E) 124.470 137.168 176.218 154.326 148.327

<H 6> MOHEY ot AEZ|A 23 4 0|2

Category Group 1 Group 2 Group 3 Group 4 Total

0|2 314(3)/%) 6.680 7.530 8.606 10.018 7.787

Melon 0|2 AlIZHE/E) 45.055 50.183 86.722 72.023 63.263

. 0|2 3I(3/8) 3.716 3.233 4.261 2.601 3.740

YouTube Music 0|2 AlZHE/E) 40.474 20.548 26.466 6.663 28.684

_ 0|8 314(3/8) 2.016 2.206 2.220 3.089 2.199

Samstung Music 0|2 A|ZHE/Y) 8.287 8.246 10332 9.000 9.077

. _ 0|2 314(3)/%) 1.496 2.169 2.043 1.776 1.870

Oenie Music 0|2 AlZHE/E) 8.396 35.329 12.132 10.802 16.135

0|2 3I(3|/8) 1.059 537 .821 2.259 922

Lo 0|2 AlZHE/E) 5.167 1.928 7.578 9.000 5.540

_ 0|8 314(3/8) .604 724 521 771 611

Vibe 0|& A|IZHE/E) 3.937 5.290 8.927 2.884 6.034

A 0|2 314(3)/%) 210 770 744 845 575

Spotify 0|2 AlZHE/E) 728 3.716 5.966 4919 3.605

. 0|2 3I(3/8) 271 274 476 713 374

Bugs Musie 0|2 AlZHE/E) 1.348 2.009 7.246 17.128 4.621
HE ol A+= Heavy AF&AF “L Y} Premium A} =°F 2EQW AH[A9] o] § 'S AlEAA
|2 OFo] Adider w2 HE et ol #HE EA% A, 7 OF0] Avske ARlA
A7He HYthAEE 319 x%(3)=8.855, p=.031; o] tr24 YeErt}. Kruskal-Wallis H A4 2
ol-g A7k x*(3)=11.681, p=.008). I, 5oF 9 ol Slpet o] AZEA Fojuleh
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zpol7h ERIF O H(HE 34 x*(3)=13.053,
p=004; °o]-& A7k x*(3)=17.452, p<.001), E3
Holl M= H=L F3gE Zfol7h Q.

=0, & 2EY AH|A HE(Melon)2]

, Casual AH&2} 153} Heavy AHEAF Z1550]
E2 o8BS HolMFHSE 34 x(3)=

375, p=.039; o]& A7k x*(3)=13.027, p=.005),
=t 2EYY AE[AHT HE

AR A, AU,
2~ L E|mto](Spotify), HAFA A 27t Z}o]
7 Uebeth §FE, Light AR 152 fR/E
T2 0] o] §Eo] A A UeRoH, &

2 oot AEQH AH|AHTIE Bg AEQH
q

]
)

o Ho i 4

Noo) 2 o

EHES AS5t= A2 Bty 74 HE
314 x3(3)=9.131, p=.028, °]& A7k x*(3)=

9.595, p=.022; AY F& H& 34 3=
12.227, p=.007, ©]-& A%} x2(3)=11.332, p=.010;
X E|gto] A4 84 x2(3)=18.257, p<.001, ©]
| A7k x*(3)=14.741, p=.002; A FZH H&
314 x4(3)=18.903, p<.001, °]& A7k x*(3)=
12.552, p=.006).

olzet A At

rr
&
ot
il
et
ults
=
9
>,
ox b
I

as)
1
<
<«
>,
ofo
)
I
ol
rlo
o
12
2
i)
ofo
>
)
e
my
=)

-

o,
i
I
el
o,
=
f
~|
N
M
rlo

Ir
Jdo

il

o

o,

[>

m

)

Nrﬁ'ﬁoﬁ@i

ol ofv do

2 ox 4

of,
oz,
ol
Jo
il
>
o
> =
lo o4 o
iil ‘ 2 e jﬂ d
:
by
oy &omE o omE oo [N

O rZ go
2

rr

A
ul r
0,
oo
olt
ok,
ot
o
ol
8
L

o,
lo o
rl ol N, ofl [>
4
o)
me
o,
N

N
-

o

_—YL o I i
R}
e
o

o o oX
o
kol

s
m =
I
v}
T
et

N
rlr
juin

2

N

- =

)
L
Y
P
ol

)

2

e,
>
%0,

o

_:)
12

[> > 2 8 o P>
B 1= I oA
(o]

It _]}0[( il
o N

oz
o
o
g

ol

L=

>
>
S

of W, Light AHgA 18-S RF
o RE 9ot AHAE o Wo| Bes
Uehton], §i o Al ol wl

+ Light AH8AF 50|

N
i)
o my

Horr 4o o
o

N
NS
SN
AL
lo
=)
9
32
i}
9,
r

oy ot
m
L
Hir
1_4
™
o
o2l
1
o,
o
fu}
)
o
Hu
[N AT

Mo
=
=)
oM
o
o
>,
>
ol
el
i)

N
rII
PURE
= o
okl L
S
j’i 2
uf
T, ot
%,
ofn
o
R
A
o
o
oo
QL
i)
o
fl

mEl ool
fo
0
Auf
)
d
114
o
HE
2
M
v

(9]
k1
N
N
>t
=2
L
rot
Hr
X

N,
ri
re
-
=2
o)
=)
uin}
o)
I
[>
o,
ofo
X
ﬂlll‘l
1o
ol
IN
-

jm|
==
o
2
=)
S

2 o2
2 1>
of, ;9 4
(]
o S
=
9 Az
)
e
B>
o
)
1o
oL
4 Olﬂ
I
ox,
o,
-

1
rlo
lo

>,
o odl
o

b ol oy
o
-
=2
&

nx
ox

ol
el

ke
o

=

A

N

i i
ey
4
iy

2 rEoaq
ox,
ol
AP
I
dm 4> > o>

e rr

= o
R
(O

R [ N
—Z‘L:g_‘['-?ﬂ

ofr

X
o
P o
o
_O|L
38
o

» 1o
o
o
-
=)

o4,
_0|L
rr
)

o
a
fot
-
i
x

N

|£ dFolA= HAE Au|L o]§ HIke} F
of o] Ay WATE A&EAow AFEH] gt
(Jang et al., 2022; Venkatesh & Agarwal, 2006).
2 AFAE o] F Hhste] §f o8 St i
o AZtE 59 W= AASHA I, oA
Wy o] &A= AHZ A2 1HT o], T8
g 2olo WHHY @ ol Az F A P
7o)

7HHql 4y 8

Jo

ML o
—

ang et al.(2022)

Z 2~ 1
o 4 Qe

bl & ujel

Ny
™ 2
ﬂJ]o Ol")l‘
ofm :
iy
I"E _‘%
ﬂrﬁ )
s o
_l kA ( O_Ol
i



r&
aln]
i}
i
1]
=0}
Hu

A A <® 7> AEEo] k. IARAS & 7R olofXIthE Jang et al.(2020)9] Aot
AAehs oA B34 d (multicollinearity) T #HEo] Utk 12|l Fuff Mgk 7|7to] A4E
A 2I5t7] $18ll VIF(variance inflation fac- 17 71X 7F EotRl = AdrE yErgt A o
tor) 3 ARSIGOM, BE MAoq VIF gho] 2 9 o]g Alzre] Zrtet 1A AHE BAHO
2 o|5tE Upeh} thE B4 BAIE EARH] ¢ 2 ok ge AR vk
= Ao® ZRIFUTh oA FP3teE WY Al
WEWR 3|7 BAS Hra AASEA T Ad 5.2 FOjTE 7|Zkal A o] 82| Of7i =zt &M
¥ 5ol BAESlon Ba o) 4ol
e GokTRE R go] .1 olet 4:%), 1A 7 S BAA ¢ ofg |7kt & pujale A
A5k ) ol g Ael, FujAE 7Ize] Avge 1 BHOR AT AVWAS M Aow dqud
otsl7] 9ot Bzl ZAlel AL TSt & & Atk ol Agk 717t} & Srj oo
oFAQl sfAo] 7HERt HA Hkel gt FFA AWEE Bk Aoz 245H7] A5 Hayes
ol 3 24 A5 Fol siAE asky et 9] Process Model 45 -85 mi7lay} A4S 4
ohah, Feb Aol @5 Aol wAS /b WA BA dibe < 1o ackso] 9
7t Qe Fad FAR dol gich o, A4S Fgotd g7} Bk PR 7]
B Ayt f o]g HIxrp SU4ee] wah qof ko] & Fuidel njzl= A3 mI(direct effect)
gt 17 7pA| 9] Agol Ik ol Axt = FEmSHl vEET. T2l §f o]& 7|3t
L omutel A9l Hofo A ZHe o o]go] 7ujal  wiAHshs 7HA & Th(indirect effect) ETF -5-on|gH
<& 7> ZT0HH0| CH3 3|7 24 Zat
Simple w/ Interaction
beta Std.err. p-value beta Std.err. p-value
(700 ) fIHAY 0| 83l 535 112 .000 553 112 .000
(FH0H =, 710K M CH]) /A Y 0| 83l4 733 135 .000 708 134 .000
(FL0H &) IHAY O| A2 -.029 064 645 -.036 063 570
(01 =, 710K X Chib]) fIHAY O|8A[ZE -.083 071 248 -.083 071 247
APPO|E 2O{ 3K, log) -.114 033 001 -.129 033 .000
(704 &) APPO|& 7|ZK, log) 351 038 .000 400 038 .000
. S =2 Pk
MOderatO(r‘T_f;_HL giﬁ%ﬁg 3 ;:’: it ~.100 029 001
Constant 9.663 256 .000 7.581 651 .000
R 151 165
Adjusted R 143 157
n 714 714
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065+

APPO|E O = ()

o< .05 = p< .01

(04 =) APPO|-E 7|2t

k4

=116 =*x

<% 1> Mediation 241 (Hayes’s Model 4)

351+

Total Purchase

partial mediation(} "i7l) A¥7F Yepydh. &, 7Ito] AojEaE A Al Fujdle] FrlehA]
2HZEO] ] o]§ AFto] AojAL® F Fuld] ¢ JheAel =52 duRith &, e &
o] Z7toh= BITF EAISHH, ol= §f ol& 717t Tt whE UAYSE Jf o]§o] A&How F
of i FFZ Foh= FAT QIS A iR o]ojd FhEAel i, RhE Fujdge]
ghet. AAd e} AR T 7] AAdo] wot
e Aol Uehds AR

53 ="z M % FIHHF

WA AT 24 Aute]A FEiE 7zt & 3+ V. EZQ
mjefo]l mx]= A3 ket i o]§ 7]zto] iz
st I a kel o] MitH== “inconsistent 2 ATl WE Z0F o] 8AEY] 4H] Y
mediation(E4 2] wi7R)” AT YERHTE ol glol ¢ o] & e sutog AR HES) )
TFodg 7ol & Fufddie] wjA= HZAHEA 3, 7t AIWHES EALS Fiste] Auapd gt
L] Tl thh =W & o otk o] 2y Ao BRAL AXSHAL. olstolAE B
of Wen £ 59 9 ke 28 AW EAT Ao ogd 9 Ard AAge Aestn o
7Feds ARSI S 57 24e AARHES o) dAET FF AT e =it
o, Adts <E 720 AAEo] ik 2EET 7
A At §f o]-g 7|xtat g 7|7k 7ke] A 1. MZ2AE 42| AlAFE
S2kgo] fofn|stA yEbktth =, Fudg 713k
ol A5 A ol8 7Ikto] FullHe]| vAl= IF A Ad}, Wy SHE o] A5 4H] U of
o] Zraste o] ERIFGoH, o= <T¥ 2> o]f FE= 7zt AIHEHR Eeo] LHEL
of Ael=lof qlek. ol=let Ay= WY AHAE Aoz ehton olds Atk Wy ZHz
o] ZE=S BVt AHgettiEte, A FuliZiAle] et 7+ 4R 3o w2 grEY ulAg
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Latent Profile Analysis and Customer Value Analysis of
Paid Users on Fandom Platforms: A Case Study of Weverse*

Seung Hwan Lee**, Jisu Yi***

ABSTRACT

Purpose: This study aims to systematically segment the paid user base of fandom platforms and explore
the behavioral factors that influence customer value, using Weverse —one of the most prominent K-pop
fandom platforms— as a case study. Despite the growing role of fandom platforms in both cultural
engagement and revenue generation, prior research has seldom examined the heterogeneity of paying
customers or idenified the behavioral characteristics that drive consumer value. This research addresses
these gaps by classifying users into latent segments and analyzing their distinct behavioral patterns in

relation to total purchase amount.

Research design, data, and methodology: This study utilizes Latent Profile Analysis (LPA) to segment
approximately 700 paid Weverse users based on behavioral data derived from actual app usage logs and
purchase transactions colleted between 2019 and 2024, Key behavioral variables include app usage time
and frequency (before and after purchase), total spending, and the time taken for purchase conversion
following app installation. To examine the relationship between app use and customer value, the study
further conducts regression and mediation analysis. Hayes’ PROCESS Model 4 is employed to test the
mediating rolw of app engagment in the relationship between conversion latency and purchase value.
Interaction effects between conversion timing and post-purchase engagement are also investigated to

understand the dynamics of inconsistent mediation.

Results: The LPA identifies four distinct customer segments: 1) Light Users (33.9%): Low app
engagement and minimal purchase activity; 2) Premium Buyers (23.1%): High spending with moderate
app usage; 3) Casual Users (37.0%): Moderate spending, long conversion period, and moderate app

engagement; 4) Heavy Users (6.0%): Highest purchase and engagement levels, with rapid conversion and

* This research was supported by the Academic Data Support Program provided by The Korean Distribution Science Association and
Macromill EMBRAIN in 2024.
** Associate Professor, School of Business, Ajou University, First Author
*** Associate Professor, Business School, University of Seoul, Corresponding Author
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sustained platform use.

Significant behavioral differences were observed across these groups not only in purchase activity but
also in the consumption of external digital content and app categories, such as music streaming, beauty,
and entertainment apps. For instance, Heavy Users showed a strong preference for paid music apps like
Melon music, while Light Users gravitated towards free platforms.

Regression analysis reveals that both app usage frequency and duration positively influence total
purchase amount, while delayed conversion has a significant negative effect. The mediation model
suggests a partial mediation effect of app engagement between conversion latency and spending.
Furthermore, an interaction analysis uncovers that the longer users delay their first purchase, the less their

continued app use translate into higher spending.

Conclusions: This research contributes to the literature on fandom platform consumption by offering one
of the first empirical demonstrations of latent segmentation among paying customers. It highlights how
nuanced behavioral patterns —especially around app engagement and conversion speed—drive differential
customer value. Theoretically, the study enriches understanding of digital fan behavior through a
data-driven segmentation model. Practically, it offers actionable insights for platform operators to design
targeted marketing strategies and optimize user experience. The findings also indicate that app engage-
ment, while vital, must be effectively channeled within a short post-installation window to maximize
customer value. Future research could expand this approach to other fandom platforms and integrate

psychological or emotional engagement metrics for a more holistic understanding.

Keywords: Fandom Platform, Weverse, Latent Profile Analysis, Customer Segmentation



